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The title of the paper is: "Copula-based synthetic data generation for machine learning
emulators in weather and climate: application to a simple radiation model". The major
conclusion of the paper is that using emulated data may be of particular interest to
scientists and practitioners developing ML emulators in weather and climate. In my
opinion both the title and the main conclusion are unfocused and the main conclusion is
not something new. 

First of all, authors should specify how they understand "machine learning emulators
in weather and climate". There is a long history of developing ML emulators for
numerical weather and climate models, including emulations of sophisticated state-of-the-
art radiation models: 
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plus a quickly growing amount of publications during 2019, 2020, and even already during
2021. 

In all these works, data simulated by GCM, CRM, or LES are used. Researchers, working in
these fields of weather and climate, long ago recognized that they must use simulated
data because there is no sufficient amount of observations, collocated in space and time to
use for training their ML emulations. In some cases ECMWF or NCEP analysis or reanalysis
are used to integrate in an optimal way simulated and observed data. The same sources
of data are used to develop forward models. 

Thus, I suggest to authors:
1. to clearly specify what subfield of "weather and climate" they target
2. to edit the title and the text correspondingly
3. to explain how their results provide researchers, working in the targeted field, with a
new information 
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