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The submitted manuscript provides a global wetland map including inland and tidal sub-
classes based on remote sensing data. Currently, we are still lacking a multi-class global
wetland data including inland and tidal wetlands simultaneously, and the map produced by
this work provides valuable information for related wetland studies. The manuscript is well-
written and easy to follow. Above all, I recommend their publication provided that a
moderate revision is carried out.

(1) Wetlands are classified as inland or coastal wetlands in this study, and the latter
includes mangroves, salt marshes, and tidal flats. For these three wetland types, the term
“tidal wetlands” is more appropriate than “coastal wetlands”, for example, in Murray et al.,
2022. Coastal wetlands include other terrestrial and shoreline constituents like riparian
wetlands and tidal freshwater marshes, but not just mangroves, salt marshes and tidal
flats. As such, I suggest using “tidal wetlands” to make the classification system more
accurate.

(2) Section 2.4: This section is about generating validation samples, thus should be
moved to the “Accuracy assessment” section as a validation step. Another thing is how did
the authors determine the size of total validation samples (i.e., 18,701)? This amount
seems disproportionately less than the number of training samples (more than 20 million).

(3) Lines 250-255: The tidal flat samples were collected from the global tidal flat map
(Murray et al., 2019), and thus would suffer from the inherent error of the data. Several
studies found that Murray’s tidal flat map failed to distinguish between nearshore ponds
and tidal flats, mainly because these ponds also have water-level variations (Jia et al.,
2021; Zhang et al., 2022). The error of commission (i.e., classifying ponds into tidal flats)
is also indicated in the tidal flat map generated by this study, as shown in the upper
panels of Fig. 13. I suggest the authors mask out ponds and lakes from their tidal flat map
because it would substantially improve the accuracy. There is a new dataset that provides



global lakes and reservoirs may be helpful: Khandelwal et al. 2022.

(4) Line 286: These thresholds proposed by Wang et al. 2020 were designed for tidal
wetlands, but their application in this study was to inland wetlands. Therefore, the authors
need to prove that these thresholds have robust performance in mapping inland wetlands.

(5) Line 297, Equation 3: This maximum extent of inland wetlands also contains tidal
wetlands (since the wetland layer in the global land cover data failed to distinguish them),
so how did the authors ensure that the generated samples from inland wetland  have
corrected labels?

(6) Section 4.2: The description for obtaining training samples is unclear. What are the
strata here, wetland classes or 5°×5° tiles? In addition, the training samples selected
from the maximum wetland extent may be of low quality. The authors do explain that the
map accuracy is insensitive to low-quality samples within a 20% threshold, but it’s still
missing a map representing the percentage of real erroneous samples. I think the training
samples need to be filtered according to some criterion before classification to improve
their accuracy. I recommend clarifying the process of sample generating and the quality-
control procedures.

(7) Section 5.3: The comparison here uses the old-version GMW mangrove map.
However, the GMW mangrove map was updated to version 3.0 recently (Bunting et al.,
2022), which substantially improved the accuracy by filling gaps caused by the strips in
the Landsat-7 images. A detailed comparison with this new version is encouraged. Also, a
product of global tidal wetland dynamics provided by Murray et al. (2022)  could be an
important reference for comparison.

(8) Figure 8 lacks a legend.
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