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MODIS LST was used a proxy for Tair and had been successfully applied to estimate Tair
for various regions of the world due to the ability to describe the surface-atmosphere
energy exchange process. This paper uses the MODIS LST and ancillary data to create all-
sky daily surface air temperature across China, and compares its results with three
datasets with lower resolution. In gerneral, the ariticle is well structured and the method
is clear, but there are several issues which should be solved.

 

My biggest concern is the statistic results may not be credible over southwest China. In
southwest China, it rains in the most time of a year. The sunshine is rare that it is said
“sunny weather seldom lasts for more than three days”. In other words, the percentage of
missing MODIS LST data is over 60% due to the presence of clouds. To control the
uncertainty introduced by LST gap-filling, a temporal window of 2 days in this study was
used to fill the gaps. Please provide detailed availability of LST for cloudy-sky model â
using this simple gap-filling method.

 

In section 3.2, GLDAS assimilated Ta was used in three models as input features. In the
feature importance of those three models, assimilated Ta ranked first for two cloudy
models and was second to Terra nighttime LST for clear-sky models. The second biggest
concern for this study is that it seems like GLDAS assimilated Ta determines the RMSE
and R2. From the fourth paragraph in introduction part, no author used assimilated Ta as
the predictor. Instead, shen [1] only used the soil mositure content, albedo and soil
evaporation from GLDAS as predictors. If the ground-based Ta ingested by GLDAS was
introduced as the preditor, whether it is a circular reasoning that reach better results? I
would suggest removing the assimilated Ta as the predictor for three models.

 

The smallest concern is the spatioâ��temporal model validation strategy in this study
which just relys on random cross validation. 

However, ignoring spatial and time dependence in model cross-validation can create false
confidence in model predictions and hide model overfitting, and this problem that has



been well documented in recent works [2, 3]. Please give explanations why this study still
used an overlyâ��optimistic approach (random cross validation) to assess the prediction
error in both space and time.
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